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More in the paper...

e Cameo improves query performance:

* Cameo reduces query latency by 2.7X for single query execution, 4.6X in multi
tenant scenarios

* Cameo weathers transient spikes by reducing tail latency by 21X — 30X

 Cameo supports general scheduling and user-defined scheduling
states

* Cameo infers dataflow output based on input messages
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(" . . : :
Cameo proposes fine-grained scheduling scheme for serverless, event-driven stream

processing services that achieves both high utilization and controllable performance

For questions: contact author <lexul@Illinois.edu>
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